
NEP: Autoregressive Image Editing via Next 

Editing Token Prediction

NEP: Second stage

RLlamaGen: First stage

1. Revision region proposal

2. Image region revision

3. Reward model decision: to reject or accept

Quantitative editing results

Zero-shot image editing

Text-to-image generation by integrating NEP into a self-improving loop

Text-to-image generation results
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Next Editing-token Prediction Test-time Scaling with NEPIntroduction

TL;DR: We propose NEP, a targeted and efficient image editing method. It 

allows regeneration solely at edited regions, which avoids unintended 

modification and enhances efficiency. Besides, it makes self-improvement 

during the image generation process possible.

Visualized editing results

For the first time, autoregressive models can achieve top performance on well-

recognized editing benchmarks.

without resorting to editing masks, our approach still achieves comparable or better 

editing performance.


	Slide 1

